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2. Model Selection

1. Introduction

Rainfall in the Sahel associated with the west African monsoon during summer

shows large decadal to multidecadal variability (Fig. 1). Select two groups of CMIP5 model output to learn from successtul

and unsuccessful simulations, based on the following criteria:

Observational and modeling studies have shown Sahel rainfall variability to be . _ .
associated with changes in global sea surface temperatures (SSTs, Fig. 2) with 1) AMO index decadal variance fraction

focus on the north Atlantic and Indian Oceans. 2) Sahel rainfall decadal variance fraction
3) Correlation between filtered Sahel rain and N. Atlantic SSTs (AMO)

This study aims to determine the ability of CMIP5 models to capture the
relationship between Sahel rainfall and global SSTs. We focus on the
multidecadal teleconnection between SSTs in the north Atlantic, often called
the Atlantic Multidecadal Oscillation (AMO) and Sahel rainfall.
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3. Results from CMIP5 Simulations
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4. Conclusions

* Selected two groups of models to investigate the multi-decadal connection between Atlantic SST and Sahel rainfall

* “Good” group: Successful representation of SST pattern and mechanisms connected to rainfall response

* “Poor” group: AMO-like pattern of SSTs in subpolar region but tropical signal weak, so atmospheric response unlike observation
 Similar results are seen in the control experiments, showing the importance of correct internal variability simulation

* Future work: 1) investigate the role of clouds and aerosols on Atlantic SST spatial structure, 2) Sahel teleconnections with other basins



